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The purpose of this research is to determine the digital propensities of post-secondary
students (N=409) in various faculties/colleges at a large state university located in
southwestern Turkey. It was also examined whether gender, the program attended,
socioeconomic status, education type (first and second shift education), the number of
family members and the number of computers per household are contributing factors to
Information and Communication Technologies use. According to the data analyzed, male
students use Information and Communication Technologies more than female students.
Results also suggest that faculty attended, education type, family income, the number of
computers and children per household are some of the important factors in having high
digital propensity index.
Keywords: digital propensity, digital natives, gender, ICT practices, post-secondary
education, socioeconomic status

INTRODUCTION
“Information and Computer Technologies” refers to
any digital technological tools employed for
communication or information gathering (e.g., tablet PC
mobile devices, smart phones, personal computers,
laptops, or the Internet (Ono & Zavodny, 2007).
Information and Communication Technologies (ICT)
are drastically changing almost every aspect of our daily
lives. Furthermore, the ways we communicate and
consume information have altered dramatically too.
Students as ICT consumers are increasingly introduced
to new technological products. Most post-secondary
students are younger than personal computers. They are
more comfortable using a keyboard than writing on a
stationary notebook, and feel more comfortable reading
from a computer screen than from a traditional
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textbook. The continuous connectivity with friends and
family members at any time and from any place is very
important for them.
Since the digital world is changing day by day in a
mind striking way, new life styles are being formed by a
new generation. Prensky (2001a) created the term
“Digital Native” to describe the generation of people
who born after computers were invented and who
spend most of their time with computers, digital games,
smart phones, and other smart mobile devices. The
digital native generation is also called the “Net
Generation” (Tapscott, 1998), and “Millennial
Generation” (Howe & Strauss, 2000), “Digital natives”
(DN) (Prensky, 2001a), “Net generation” (Tapscott,
1998) and “Generation M” (Roberts, Foehr, & Rideout,
2005), metaphors that have been used to make a
distinction between individuals born between 1980 and
1994 with technology skills and those without any techsavvy skills. Digital Natives interact with each other on
different levels of the digital world. Since they were
born in a digital world, they feel at home in an
environment consisting of internet, social networks,
online media and games (Lorenzo & Dziuban, 2006;
Palfrey & Gasser, 2008).
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State of the literature
• Research suggests that university students’ use of
information and communication technology (ICT)
is radically different from those of past
generations.
• The debate over digital natives is based on
students’ digital propensities driven by factors
such as age, socioeconomic status, education and
culture.
• Although debate on digital natives has intensified
over the last decade, little empirical evidence has
been available to examine in order to understand
the digital propensities of students in higher
institutions.

Contribution of this paper to the literature
• Understanding the digital propensities of
university students is crucial for higher institutions
to adopt their teaching paradigms and instructional
technology infrastructures for future digital native
generations.
• Investigating the digital propensities of postsecondary students may shed light on higher
education institution administrators and policymakers for understanding the digital native
generations ICT propensity and its role in their
education.
• Results of the current study are valuable in
understanding post-secondary students’ digital
behaviors and their propensities while employing
ICT in their daily life.
Researchers argue that previous generations who
were born in the analog age or printed text/paper era
are called “Digital Immigrants” (DI) or “Analog
Generation” (AG). Teachers who belong to AG strive
to instruct DNs who were born in an immersive digital
world (Norman, 2008; Jones, Harmon, & O’GradyJones, 2005). They further claim that the understanding
of the DN generation and their learning and use of ICT
habits is not clear enough (Nasah, DaCosta, Kinsell, &
Seok, 2010; Bennett, Maton, & Kervin, 2008).
Furthermore, there is an ongoing debate on DN
generations’ preferences of using ICT in educational
settings and social networking settings (McWilliam,
2002; Keen, 2007, Lohnes & Kinzer, 2007; Selwyn,
2009).While some argue that there is some evidence that
students are not willing to accept more ICT integration
in the classroom (McWilliam, 2002), others dispute that
students are more eager to use ICT for social
networking purposes (Keen, 2007). Authorities stress
that teaching the DN generation still prevails as a major
concern of both policy makers and educators (Bennett
et al., 2008).
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The present body of research suggests that today’s
post-secondary students as the DN whose learning
preferences and ICT use behaviors differ from those of
the previous DI generations, especially with respect to
technology rich learning (Prensky, 2001a; Bennett et al.
2008; Kennedy, Krause, Judd, Churchward & Gray,
2008; Selwyn, 2009). The experiences of university
students have received relatively less attention.
Therefore, there is a need for examining the ICT use
and preferences of the members of the DN generation
at college level. The current study was designed to
examine and identify the ICT preferences and
perceptions of undergraduate students through the use
of the Digital Propensity Index (DPI) questionnaire
(Norman, 2008). The DPI mainly investigates the
frequency in use of information and communication
technologies (ICT) and the level of importance digital
natives place on these technologies. In particular, the
DPI questionnaire is designed to measure: (a) ICT use
preferences, (b) internet use preferences, (c) games, (d)
online media activities, (e) digital communications, (f)
ICT facilitated learning activities and (g) ICT facilitated
social/economic activities. The previous body of
research suggests that age, gender and socioeconomic
status may play an important role in defining why the
DN generation use ICT to different degrees (Kennedy
et al, 2008; Kvavik, Caruso, & Morgan, 2004;
Livingstone & Bober 2004; Selwyn 2009). Factors
affecting the ICT use, such as age, gender, and
socioeconomic status were also examined. The findings
of the current study may help policy-makers, educators
and higher education administrator’s better understand
the DN generations’ ICT preferences and the role of
ICT in their education.
Background literature
Nasah and colleagues (Nasah et al., 2010)
investigated the ICT preferences of post-secondary
students (N=580) through the Digital Propensity Index
(DPI), based on their communication methods, internet
practices and their ability to create online content. They
suggested that the students’ use of ICT might be
affected by age, gender and socioeconomic status, which
should be considered while developing an ICT policy
for schools (Nasah et al., 2010). They also reported that
ICT use among males and females might enable a
closure of the gender gap. They reported that there is no
positive correlation between one’s socioeconomic status
and interest in using ICT, which may have some impact
on the socioeconomic gap.
Margaryan and Littlejohn (2008) examined the extent
and use of digital technologies among undergraduate
students and teachers. They stated that the use of
technology by students and teachers to support learning
showed some varying results. In addition to this, digital
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natives have little patience for passive and linear forms
of learning. Digital natives are not demanding an
educational revolution yet; on the contrary, they
expected to be “taught” in traditional ways. The skills
that digital natives possess are increasingly defined as
the basic competences expected from every educated
person and are those than a modern professional should
already have (Margaryan & Littlejohn 2008). Bennett
and colleagues (2008) noted that students’ relationships
with technology are much more sophisticated than the
digital native characterization suggests. Further, Bennett
et al. (2008) reported that the DN generation possesses
very complex knowledge of and skills with ICT.
Furthermore, their experiences and interactions with
technology have led to particular learning preferences
and styles that differ from DI generations. In addition,
Jones, Ramanau, Cross, and Healing (2010) explored
new generation learners and their relationship to
technology, collecting the data from university students
in the UK. They reported that rather than showing
homogeneity, the net Generation consisted of
collections of minorities. They also found that often the
use of new technology occupied in ways that did not
fully correspond with the expectations that arise from
the Net generation. Hargittai (2010) studied the skill
levels of US net generation university students and
found a wide spectrum of differences in online abilities
and activities. Kennedy, Judd, Dalgarno and Waycott
(2010) reported a somewhat similar results. They
defined four different types of technology users: basic
users, ordinary users, irregular users, and power users.
They suggested that the approach to curriculum and
teaching should be changed based on assumptions
about technology experience of the DN generations.
Furthermore, there are studies about the factors that
influence students’ use of ICT (Downes 2002; Kennedy
et al., 2008; Kvavik et al. 2004; Livingstone & Bober
2004). For instance, the frequency and nature of
students’ ICT use changed based on socioeconomic
status and age (Livingstone & Bober, 2004). Similarly,
Kvavik et al. (2004) reported that differences in ICT use
related to ethnic, cultural, or socioeconomic status,
background, gender and discipline specialization. In
addition, Downes (2002) found that the nature of
students’ home computer use is influenced by local
prosperity and family dynamics. The DN generation’s
learning habits and daily-life ICT usage is dramatically
changing.
Understanding the digital propensities of university
students is crucial for higher institutions to adopt their
teaching paradigms and instructional technology
infrastructures for future DN generations. Therefore,
the purpose of the study is to determine the digital
propensities of post-secondary students in various
faculties/colleges at a large state university located in
southwestern Turkey. It was also examined whether
© 2014 iSER, Eurasia J. Math. Sci. & Tech. Ed., 10(2), 115-123

gender, the program attended, socioeconomic status,
education type (1st education and 2nd education), the
number of family members and the number of
computers per household are contributing factors to
ICT use. It is hoped that the results of this research may
shed light on higher education institution administrators
and policy-makers for understanding the DN
generations’ ICT propensities and the role those
propensities play in their education.
METHODOLOGY
Participants
Undergraduate students participated at a large
university in the southwestern portion of Turkey. These
students were drawn from nine participating colleges.
The DPI questionnaire was distributed to a random
selection of 1260 undergraduate students. A total of 409
undergraduate students responded to the questionnaire.
The research design for this study was a descriptive
research with a questionnaire. A descriptive scanning
model is used for the determination of digital
propensities of university students. According to this
method, the existing situation and properties have been
described (Dooley, 2001; Cohen, Manion, & Morrison,
2007).
Instrument
The Digital Propensity Index (DPI) (Nasah et al.,
2010) questionnaire was conducted to measure postsecondary students’ use of various forms of ICT in their
daily life. The DPI questionnaire was designed to
measure ICT use preferences, Internet use preferences,
gaming, online media activities, digital communications,
ICT-facilitated learning activities and ICT-facilitated
social/economic activities of targeted participants. A
printed questionnaire was used for students to maximize
the response rate and reduce sample bias, as opposed to
online methods, such as web-based surveys, which tend
to involve low response rates and are biased towards
technologically literate and enthusiastic respondents.
The questionnaire was translated into Turkish. Then,
the questionnaire was translated by a different person
who did not participate in the first translation process.
Working with translators, the errors and nuances were
corrected and revised by the researcher. During the pilot
study, the Cronbach Coefficient Alpha test was
conducted to assure internal consistency for the
questionnaire. The Cronbach alpha was .858. Although
keeping at least .70 or higher is accepted in most
behavioral science research, a cut-off value of .80 or
higher is widely acknowledged evidence of good
reliability (Becker, 2000).
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Data collection and analysis
The questionnaire prepared for data collection
consisted of two parts. The first part contained personal
questions about the participants while the second part
contained questions aimed to determine the digital
propensity of students. Students responded to the handdelivered questionnaire during class time. The
questionnaires were collected after completion. The first
part of the questionnaire contains demographics, such
as the gender, age, department, type of education, total
income of their family, the number of members and the
numbers of computers in the family. The second part of
the survey which is called the main part consists of 41
items for the evaluation of the digital propensity of
university students.
Participants were asked to rate their agreement with
41 DPI questionnaire items on a Likert-type five-point
scale labelled none, barely, partially, a great extent,
completely.The scales were scored so that 1=non to
5=completely In the DPI questionnaire, the following
demographic information about each participant to was
collected: socioeconomic status (measured as family
annual income), age, gender and the number of
computers found in the home. Furthermore, the DPI
questionnaire consist the following categories: (a) ICT
use preferences, (b) Internet use preferences, (c) gaming,
(d) online media activities, (e) digital communications,
(f) ICT facilitated learning activities and (g) ICT
facilitated social/economic activities. All analyses were
conducted with SPSS statistical software (version 15.0),
using a statistical significance level of .05 or less for all
tests.
RESULTS
To examine the relationship among the digital
propensity index score and gender, faculty attended,
type of education (1st and 2nd ), socioeconomic status of
family, the number of computer per-household, the
number of family members per-household, the data
were analyzed using frequency, mean, percentage, t-test,
Analysis of Variance (ANOVA) and post-hoc Scheffe’s
test.
While 219 respondents of the questionnaire,
repsresenting 53.5% of study population, were male,
190 participants of the questionnaire, repsresenting
46.5% of the study population were female.
The mean age of participants appeared to be relatively
young as age ranged between 17 and 26 (mean age =
21.4 years). The majority of participants were from,
respectively, Faculty of Arts and Sciences, Faculty of
Technical Education, and Faculty of EngineeringArchitecture. Appendix A illustrates the results about
demographic features of the participants.
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Findings on “gender” variable: To determine the
digital propensity of students according to gender
variable, a T-test statistic was conducted to examine
whether there was a significant difference between
males and females in relation to their digital propensity
score. The results of this test indicated that there was a
significant difference in DPI score observed between
males and females, t(359)= 6.92, p< .00. Male students
(𝑥̅ =3.08, SD= .60) reported significantly higher levels
of DPI score than did female students (𝑥̅ =2.61). This
result suggests that male students’ individual use of ICT
in their daily life and the level of importance they place
on these technologies are higher then female students
According to this result, it seems that there is a
significant correlation between gender and the digital
propensity index.
Descriptive statistics between faculties / colleges’
DPI scores yield the relationship between the faculties
attended and the DPI score of the participants. Students
(N=30) in Faculty of Agricalture had a mean score of
2.89 (SD=.78), Participants (N=52) from Faculty of
Technology had a mean score of 3.04 (SD=.56). Faculty
of Engineering-Architecture students (N=62) had a
mean score of 3.03 (SD=.76). Students (N=80) from
Faculty of Arts and Sciences had a mean score of 2.56
(SD=.69). Participants (N=24) from Faculty of Law had
a mean score of 2.64 (SD=.64). Student (N=71) who
participated in the study from the Faculty of Technical
Education had a mean score of 3.09 (SD=.47). Faculty
of Economics and Administratice Sciences participants
(N=21) had a mean score of 2.62 (SD=.68) and finally
Faculty of Forestry participants (N=21) had a mean
score of 2.84 (SD=.59).
A one-way ANOVA was conducted to examine
whether there were statistically significant differences
among the faculties/colleges attended by students and
the DPI score. The results revealed statistically
significant differences among the faculties/colleges
attended. The digital propensities of students differed
significantly across the faculties/colleges. The faculty /
college attendend is closely related with the DPI score
of students F (7.353) =5.75, p<.01. In other words, the
means of students’ digital propensities show variations
depending on their faculty. Following the ANOVA test
(equal variances assumed, p >.05), the Scheffe post-hoc
test was conducted in order to determine which groups
have significant differences. A Scheffe post-hoc test
showed that students in Faculty of Technology
(𝑥̅ =3.04), Faculty of Engineering-Architecture (𝑥̅ =
3.03), 𝑥̅ = 3.03), Faculty of Technical Education (x
�=
3.09) reported significantly higher DPI score means
compared with the students in Faculty of Arts and
Sciences (𝑥̅ = 2.56)=2.56).
Furthermore, a t-test statistic was conducted to
examine whether there was a significant difference
© 2014 iSER, Eurasia J. Math. Sci. & Tech. Ed., 10(2), 115-123
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between the education type (1st education: between 8am
and 5pm / 2nd education: between 5pm and 11pm) in
relation to their digital propensity index scores. The ttest results showed a statistically significant difference
beween 1st education and 2nd education t (359) =-2.83,
p<.01. The students attending 2nd education showed a
higher digital propensity (𝑥̅ = 3.03) compared to the
students attending 1st education (𝑥̅ = 2.80). T-test results
revealed a strong relationship between the education
type (1st education/2nd education) and the digital
propensity index score of the students.
Acording to the familiy household income per
month students reported, the descriptive statistics
results are 0-1000TL (N=93,𝑥̅ =2.69, Ss=.72), 10002000TL (N=149, 𝑥̅ =2.87, Ss=.65), 2000-5000TL
(N=98, 𝑥̅ =2.93, Ss=.64), 5000-10000TL (N=31,
𝑥̅ =3.30, Ss=662) respectively.
Furthermore, a one-way ANOVA was conducted to
correlate the different levels of household income permonth and their DPI scores. The dependent variable of
family household income per month included five
levels: 1) 0-1000 TL, 2) 1000-2000 TL, 3) 2000-5000 TL,
4) 5000-10 000 TL, and 5) Above 10 000 TL and above.
The dependent variable was DPI score.
The ANOVA results revealed statistically significant
correlation between the total household income permonth and digital propensity index scores of students F
(3.357)=5.61, p<.001. In other words, as the family
household income per-month increases, the DPI score
of students increases. The Scheffe post-hoc test for
multiple comparisons was applied for identification of
the specific differences in the variables in which
ANOVA presented significant interaction.
According to the results of Scheffe test, there was a
significant difference between students whose families

have a total income of up to 1000 TL per-moth
(𝑥̅ = 2.69) and a total income beween 5000 and10000
TL per-month (𝑥̅ = 3.30) . Furthermore, the result also
revealed that there was a significant difference between
students whose families have a total income between
1000 and 2000 TL per-month (𝑥̅ = 2.87) and between
5000 and10 000 TL per-month (𝑥̅ = 3.30) (see Table 1).
Household computer ownership data descriptive
statistics results are “none” (N=27, 𝑥̅ =2.18, Ss=.64),
“1” (N=128, 𝑥̅ =2.82, Ss=.61), “2” (N=123, 𝑥̅ =2.92,
Ss=.67), “3” (N=60, 𝑥̅ =3.07, Ss=.66), “4 and above”
(N=23, 𝑥̅ =3.12, Ss=.65) respectively.
A one-way ANOVA was conducted to examine
whether there were statistically significant differences
among the number of computers owned per-household
in relation to DPI scores of participants. The result
revealed statistically significant differences among the
number of computers owned per-household, have 1
(𝑥̅ = 2.82), 2 (𝑥̅ = 2.92), 3 (𝑥̅ = 3.07), 4 and above (𝑥̅ =
3.12.) The mean DPI score increased as the the number
of computers owned per-household increased.
Futhermore, Scheffe post-hoc comparisions were
conducted to determine the differences among the
means. Post-hoc Scheffe tests revealed statistically
significant differences among the number of computers
owned pe-houselhold, 1 (𝑥̅ = 2.82), 2 (𝑥̅ = 2.92), 3 (𝑥̅ =
3.07), 4 and above (𝑥̅ = 3.12). Students who have one or
more computer in their homes have higher digital
propensity mean score than students who have no
computers in their home (see table 2).
A one-way ANOVA was used to test for the DPI
scores of students among the number of family
members per-household. The DPI scores differed
significantly across the number of the familiy members

Table 1. ANOVA summary on DPI score in the different levels of household income per-month
Source
Sum of Squares
df
Mean Squire
F
Between Groups
7.431
3
2.477
5.605
Within Groups
157.769
357
.442
Total
165.201
360

Sig.
.001

Table 2. One-way ANOVA summary on DPI score in the different levels of the number of computers owned perhousehold.
Source
Sum of Squares
df
Mean Squire
F
Sig.
Between Groups
17.472
4
4.368
10.526
.001
Within Groups
147.728
356
.415
Total
165.201
360
Table 3. One-way ANOVA summary on DPI score in the different levels of the number of familiy members perhousehold.
Source
Sum of Squares
df
Mean Squire
F
Sig.
Between Groups
3.936
2
1.968
4.369
.001
Within Groups
161.365
358
0.450
Total
165.201
360
© 2014 iSER, Eurasia J. Math. Sci. & Tech. Ed., 10(2), 115-123
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F (2,358) =4.369, p<.01.
A post-hoc Scheffe test was used to find the
differences between groups. The post-hoc Scheffe test
showed statistically significant differences between
students who have 3 family members (𝑥̅ =3.00) and 4
family members (𝑥̅ = 2.93) in their families. Students
with 3 or more members in their family reported lower
DPI scores than students who have 5 or more members
in their families (see Table 3).
DISCUSSIONS AND CONCLUSIONS
The purpose of this study was to examine the digital
propensities of post-secondary students by using the
Digital Propensity Index, which measures how often
individuals use various forms of information and
communication technologies in their everyday lives.
The results of the research suggest that gender,
faculty attended, education type (1st / daytime or 2nd
/night), monthly income per-household, the number of
computers per-household, and the number of family
members per-household together make a significant
contribution toward one’s digital propensity. According
to the study results the gender and socio-economic
status of the family are important factors in an
individual’s propensity toward ICT use. These findings
seem in line with prior research findings, suggesting that
ICT preferences of individuals’ gender, economic status,
and intellectual status are important factors to
individuals’ technology habits and preferences
(Bingimlas, 2009; Brown & Czerniewicz, 2010;
Thinyane, 2010, Ritzhaupt, Liu, Dawson, & Barron,
2013). Most participants in this study were between the
age of 20-22 (66,3 %). This is a real representation of
post-secondary students’ age interval. The age factor
was ignored in this study, since the age groups are very
close to each other. Furthermore, Salaway, Caruso and
Nelson (2008) stated that age is the most important
factor in the use of social networks, but not in all areas
of ICT use. Nasah et al., (2010) reported that the age
factor affects less than 15% of digital propensity index
according to the results of multiple linear regression
analysis (MLR). In addition, the number of responses to
the questionnaire by participants was distributed almost
evenly among the faculties participants attended.
Therefore, it reflects the equal representativeness of
each faculty population in the research data. Results of
the data make clear that gender is one of the major
factors in an individual’s propensity toward ICT. The ttest results showed that there is a significant difference
between gender and digital propensity. Male students
had better scores of individual propensity towards ICT
use than did female students. There are several possible
explanations for this result. First, the propensity index
gap between genders reflects the cultural and economic
context of the society. Second, it is also related to

120

household access to ICTs, houseld income of per
month, female participation in the labour market, and
gender choices in engineering, social sciences and art
subjects at university. Lastly, the gender gap in the
digital propensity index reflects gender inequalities
throughout societies and economies, and a range of
socio-economic and political factors affect gender
divides. Nasah et al., (2010) reported that the gender
variable has accounted for approximately 15% of the
digital propensity points, and they also stated that the
difference is getting closer in favor of females,
compared to previous studies.
According to the study results, the family household
income per-month is also a predictor for students’
digital propensity index for ITC use. Therefore, income
is one of the key drivers of ICT use in Turkey. It can be
speculated that the level of household income starting at
5000 TL is the threshold for affordable ICT tools.
Furthermore there is also a relationship between the
number of computers per-household and the digital
propensity index. As expected, students who have more
than three computers per-household have a higher level
DPI score. In addition, students reporting not having a
computer at home are less likely to have higher DPI
score and ICT use in their daily life. This finding
suggests that students who have ICT opportunities at
home also have a lot of opportunities to use ICT tools
elsewhere. It may also indicate that students who have
high levels of ICT resources at home may have more
parental involvement/support in their learning at higher
education institutions.
While students from social science and art programs
have lower ICT use proportion, students from
engineering and technology related programs have high
ICT use proportion. This is likely to reflect the fact that
students from social sciences and arts may have less
interest in technology and spend more of their time with
reading and creating art and this may not require high
needs for technology usage. On the other hand,
students from engineering and technology related
programs have higher DPI scores. The results suggest
that these programs may require a higher level of ICT
use.
The results of this study also indicate that the
education type (1st and 2nd) is a prominent factor in the
use of ICT. Whereas students from 2nd education use
ICT in a higher proportion, in contrast students from
the 1st education have a lower score of ICT use. This
pattern can be understood in terms of the life style and
socio-economic status of 2nd education students. These
students’ courses start at 05:00 pm and last until 11:00
pm. They also pay higher (double) tuition fee compared
to 1st education.
As a result of our study, socio-economic status plays
an important role in ICT. Mobile devices and internet
use vary among student according to their economic
© 2014 iSER, Eurasia J. Math. Sci. & Tech. Ed., 10(2), 115-123
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conditions. Students with a lower income prefer
computers and free internet at school, while others
prefer a mobile phone with limitless internet use.
Hence, students who have higher socio-economic status
are immersed in rich technology environments and their
preferences are usually high-end technologies based on
their own personal needs. This is also consistent with
Canole, Laat, Dillon and Darby (2008) who found that
students prefer appropriate technologies to suit their
own needs and socio-economic status.
The results of this study are valuable in
understanding the students’ attitudes to the rapidly
changing digital world. Understanding students’
attitudes on learning and digital behaviors will make a
contribution to education. This study presents some
results which need to be considered by the decision
makers and education authorities.
Further analysis of depth interviews, focus groups,
or combination of both are likely to provide more
information about the impact of ICT use on students’
lives, and their learning behaviors. However, higher
education institutions need to consider not only the
affordances offered by ICT, or the diversity of
technological skills that students have, but the stated
goals of the institution to prepare next-generation
workforce. Furthermore, little is known about students’
use of ICT between the digital propensity and academic
achievement. To probe deeper into relations existing
between technology and the digital generation of future
higher education, joining like-minded researchers (e.g.,
Jones & Healing, 2010), more investigation needs to be
done. The current findings may have deep insights and
implications for both the technical infrastructure higher
institutions provide for students and the ways in which
the educators support their learning through use of
technologies. It is important, therefore, that educators,
curriculum developers and educational policy-makers
consider the results this study revealed when planning
ICT use for today’s DN generations.
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The ‘digital natives’ debate
Appendix A. Demographic features of participants

Type/
Level
Male
Gender
Female
Total
17-19
20-22
Age
23 and above
Total
Agriculture
Technology
Engineering-Architecture
Arts and Sciences
Law
Faculty/College
Technical Education
Fine Arts
Economics and Administrative
Sciences
Forestry
Total
1st Education (8am-5pm)
Type of Education
2nd Education (5pm-11pm)
Total
0-1000 TL
1000-2000 TL
Total household income 2000-5000 TL
per month
5000-10000 TL
Above 10000 TL
Total
None
1
The number of computers 2
owned per-household
3
4 and above
Total
2
3
The number of family
4
members
5 and above
Total
Feature
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219
190
409
79
267
63
409

Percent
(%)
53.5
46.5
100.0
19.3
66.3
14.4
100.0

34
54
69
93
25
77
1
30
26
409

8.3
13.2
16.9
22.7
6.1
18.8
0.2
7.3
6.4
100

298
111
409
106
168
113
17
5
409
32
144
142
66
25
409
5
57
167
180
409

72.9
27.1
100
25.9
41.1
27.6
4.2
1.2
100
7.8
35.2
34.7
16.1
6.1
100
1.2
13.9
40.8
44.0
100

Frequency (f)
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